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I INTRODUCTION

One of the largest policy debates in South Africerently revolves around the issue of
whether or not poverty and inequality have beemced since political transition. When it
initially came into power in 1994, the new govermmnevas tasked with alleviating
widespread poverty within the context of high unéyment rates and — at that time — a
stagnant economy. Much of the research conduateldoasehold survey data collected by
Statistics South Africa has shown increasing pgvend inequality during the second half of
the 1990s (see for instance Hoogeveen & Ozler 20@#Hbrandt, Levinsohn & McCrary
2005; UNDP 2003).

Since the turn of the century, however, an exparsdedl grant system and improving labour
market prospects have had major impacts on povedyction. During the past four years,
government has increased grant payments by R2@rbit 2000 Rand values: an increase of
more than 70 per cent in real terms. While thisnpressive and particularly good news for
the poor, social assistance is nearing the bousslaf its ability to alleviate poverty. Job
creation is an alternative poverty reduction deviged one that appears to have brought
rewards in the last few years — particularly fae black population. Even though many of the
poorest are unskilled, expanding jobs would bringcm more income to those who are
presently poor, raising them above the poverty &ne allowing them to shift into higher
income deciles. As will be shown later in this @agobs are surprisingly well targeted at the
poor, assuming that present characteristics of @yepl workers fairly represent the
characteristics that are sought by potential engy However, if the skill content of jobs
continues to rise, the beneficial impact of newsjoln those presently poor may be reduced.
Naturally, further expansion of jobs and socialngsais made more likely if there is high
economic growth, which however also tends to inseethe size of wage and property
income. This benefits those individuals who alsehdve access to such income sources.
Consequently economic growth has considerable peveducing potential in the South
African context, though the direction of its impact income inequality is uncertain.

This study tracks trends in the South African ineodistribution over the past decade and a
half, with a particular focus on poverty trendstire post-transition period. It builds on



previous work by Van der Berg and Louw (2004) andiso constructs time series estimates
of the income distribution using a number of datarses, including both household surveys
and national accounts data. The aim of this egend to arrive at estimates of recent trends
that are as reliable as the available data petongnable us to make a confident contribution
to the current literature on the path of povertg amequality in modern South Africa. The
assumptions used throughout the study are thoslky ki yieldthe lowest estimates of poverty
reduction that the national accounts data support. Thus our estimates are also purposely
biased towards recording the least rather thamibst likely estimates of income growth for
the black population, since this group contains mmaority of the poor. Also, despite
reservations that we have about some spikes irdaltee obtained from official surveys (in
particular the high levels of wages recorded fatipalarly the black population in 1995 and
the low levels recorded for 2000), we do not adjiostthese and instead use the most
conservative estimates of black wages. Thus oumatds probably overstate poverty
compared to estimates that also adjust data tolmenensurate with the national accounts. It
is also possible that we only record a downwarddr@ poverty a little later than it actually
commenced. This may partly account for the steeppokthis trend we find.

[ THE POST-APARTHEID SOUTH AFRICAN CONTEXT

When it took over the reins of power in South Adritist over a decade ago, the ANC-led
government was faced with a daunting economic neftask. Isolation from the world
economy had resulted in a stagnating economy ctesised by poor and sometimes even
negative growth, while almost a century of racegfislation had left deep clefts in the socio-
economic structure of the country. The governmesmats thus faced with a double
transformation challenge: a predominantly socia¢ @oncerned with removing the gross
inequalities that apartheid had wrought on SouthcAh society, with a particular focus on
the upliftment of many millions of people living poverty, and an economic one directed at
simultaneously pulling the economy out of its ret@sary slump in order to be able to
finance any redistribution required by the formeperative. In response to its economic
policy challenge, government adopted the GEAR fraotk aimed at achieving
macroeconomic stabilisation and rapid export-lemirgn. However, per capita GDP grew by
an average of only 0.6 per cent over 1994-199%larating to a still modest 1.6 per cent
later in 2000-2004 While GDP grew only marginally faster in the @ed period,
population growth slowed due to the progressiothefHIV/AIDS pandemic, emigration and
declining fertility.

A recent track record of seemingly stable aggregaaeroeconomic performance featuring
modest growth gains masks the large structuralgdsthat the South African economy has
undergone since political transition. Given thatth Africa is a relatively open economy by
international standardsit is unsurprising to discover that opening besd® international
trade and shifting incentives to remove the persisainti-export bias evident in previous
trade policy have caused significant shifts in meitbn. Once an exporter of predominantly
primary goods, South Africa is increasingly movitmwards exporting relatively skill-
intensive manufactures and thus diversifying itgragate export base. Between 1994 and

! Note that these figures are derived from Reserve Batk A larger estimate of population growth is used
these calculations than in the calculations that eréopm later in this paper, since we estimate sligltiger per
capita growth in income.

2 Reserve Bank data indicates that GDP growth incdefasm 2.7 per cent to 3.4 per cent.

% Trade as a percentage of GDP grew from 42% in 1984% in 2004; the 1999 average for non-oil middle-
income countries was 46 per cent (Tsikata 1999: 3).



2002, merchandise exports rose from 65 to 76 parafetotal exports (UNDP 2003: 14). In
contrast to the recently flourishing manufacturisgctor, the primary sector continues to
decline in economic performance. Agriculture acteuor only 3.4 per cent of GDP, while
mining contributes 7 per cént

These structural shifts in the economy have haditapt consequences for the structure of
the labour market. The contraction of primary se@nd labour-intensive manufacturing
activity has resulted in a declining demand forkilled workers; their share in the labour
force fell from 31 per cent in 1995 to 27 per cen2002 (Bhorat 2003: 11-12). By contrast,
the rapidly growing more technology-intensive paofs the manufacturing sector have
absorbed mostly additional semiskilled and skillgnbur. These shifts in labour demand —
as well as rapidly increasing wages and high leeéllabour market rigidity — have been
reflected in rising unemployment rates and a forsedtor employment structure that is
increasingly skewed towards the middle to high ehtthe labour skill spectrum. In 1995, the
narrow and broad unemployment rates were 17 andeB&ent respectively (based on the
1995 October Household Survey). By 2004, the spoading figures were 26 and 41 per
cent (based on the Labour Force Survey of Septe@dft). Such high unemployment rates
should be seen in the context of a country thatdmasinusually small informal sector by
international standarfisnd very little peasant agriculture, leaving unkyed workers with
few alternative income earning opportunities andsth real possibility of falling into poverty.
Indeed, research has shown that 61 per cent of ploged people live in the poorest
households (Meth & Dias 2004: 65).

While recent trends in the labour market are likilyhave contributed to poverty, welfare
policy has become increasingly proactive in efftotslleviate poverty through the provision
of social grants. The current government has edp@mhe social grants system considerably,
notably through introducing the child support grd@SG) for impoverished households
containing children less than 15 years of age. tAerimportant development has been the
de-racialisation of the relatively large meansddstocial old age pension. Research by Case
and Deaton (1998) has indicated that this grante targeted, and the UNDP (2003: 89)
argues that it is the most effective grant in tewhseducing the proportion of poor South
Africans. The CSG - while being significantly sfealthan the pension — is also very
important for poverty relief, given that childrereaamongst the most economically
vulnerable individuals in South African society (WbBank/RDP Office 1995). However, it
should be remembered that many poor people incthistry do not qualify for social grants,
underscoring the importance of private income @greapacity for economic upliftment.

The discussion above has outlined a broad pictureravthe employment of its members
largely determines whether or not a household talsw the poverty line, and where various
sources of income differentially contribute to inafity between income-earning households.
Leibbrandt, Bhorat and Woolard (2001: 30-31) hakews that of all the major income
sources, wages make the largest contribution teatiiecome inequality in South Africa. To
examine poverty and inequality in more detail, wentto a review of studies concerned with

4 Own calculations based on Reserve Bank data.

® It should been borne in mind that the manufactusiector is not as labour-intensive as the primanpséestso
that an increase in demand for manufactures oftenlts in a less than proportional increase in hiring.

® Fallon and Lucas (1998: 1) argue that South Afiscine only medium-sized country in which there areemor
unemployed people than informal sector workers. ddddRama (referred to in Hoogeveen & Ozler 2004)
estimates that only 15 per cent of the total labowegfoperates in the informal sector.



the recent evolution of the income distributiorheTreview is followed by a discussion of the
reliability of data sets employed in these studies.



[l LITERATURE REVIEW

Since the turn of the century, a growing literathes sprung up attempting to answer the
burning question of whether the South African ineodistribution has improved — in terms of
a reduction in poverty and inequality — since padittransition. These studies have analysed
data from the 1995 and 2000 Income and Expend(t&®) household surveys (together with
the linked 1995 October Household Survey (OHS) &aptember 2000 Labour Force Survey
(LFS)) as well as income data from the Populati@mslises conducted in 1996 and 2000.
The majority of work suggests that the income distion has worsened on both counts,
although this paper will raise cautions regardimigrience about trends made on the basis of
comparisons at two points in time using existingtgoansition household datasets. Firstly,
however, a brief overview of the findings in sonfetlte major quantitative studies on the
topic is presented.

Interestingly — given government’s objection toiria that its first-term efforts to reduce
poverty have failed (ANC Today 2003) — the firgtdst to suggest that poverty had worsened
since 1994 came in the form of an official reparblshed in 2002 by Statistics South Africa.
This report compared IES data sets for 1995 an@,28ad found that household incomes had
declined since transition, thus resulting in anrease in poverty. Findings on income
inequality were less conclusive, with evidence mifya small increase in the Gini coefficiént
from 0.56 to 0.57 (Statistics South Africa 2002Dther recent studies that corroborate
Statistics South Africa’s claims regarding the pathpoverty include those by Hoogeveen
and Ozler (2004), Leibbrandt, Poswell, Naidoo, Wesnd Woolard (2004), Leibbrandt,
Levinsohn and McCrary (2005) and Meth and Dias 4200

Hoogeveen and Ozler (2004) analyse the incomeildisin using the IES/OHS1995 and

IES2000/LFS2000:2 (i.e. September 2000 LFS). Tamyly three poverty lines, namely the

international $1 and $2 a day poverty lines (R8@ BAi74 respectively in 2000 prices) and
the lower bound of a “cost-of-basic-needs” povdirtg, i.e. R322 per month in 2000 prices.

Applying these poverty lines to household per @pitomes, the authors find evidence of a
particularly large increase in extreme poverty:niaenber of people living on incomes of less
than $1 a day increased by 1.8 million over 19966202.3 million people were added to the
poor during the period using the $2 a day line levtiie proportion of people living below the

lower bound of the “cost-of-basic-needs” povertyeliremained the same (this implies an
increase in the number of people living in povasya result of population growth). They
also find that the depth and severity of povertyréased for any poverty line below R322
(Hoogeveen & Ozler 2004: 10-11). Hoogeveen an@i2004) note that the rise in poverty
is predominantly due to rising poverty amongst kdacsince Indian, white and especially
coloured poverty appears to have declined. Theygest that the dynamic behind the
numbers is changing returns to household endownnatiter than changes in the quantities of
endowments held by households; there are increasieg of return to education only for

highly educated individuals in urban areas, of Whitacks constitute a small proportion.

The authors also report that income inequality éased over the period, a finding that is
predominantly attributed to an observed increagharsize of the increasingly highly unequal

" Gini coefficients are calculated on the basis ofebarcurves, which plot the cumulative income distidiu
for a population in a space where the cumulativegeage of households or individuals forms the horaont
axis and the cumulative percentage of income formsdhtical axis. The Gini is calculated by dividitige area
lying between the Lorenz curve and a 45 degreeodidoy the area lying under the Lorenz curve. alig of 0
indicates complete equality, while a value of 1 iaths the maximum degree of inequality possible.



black population. The observed change in the Gasifficient is small — i.e. 0.56 to 0.58
(Hoogeveen & Ozler 2004: 15) — although this isilatted to the Gini coefficient being most
sensitive to changes in the middle of the incom&ribution. Employing an inequality

measure that is sensitive to changes at the lomeo€the income distribution, i.e. the mean
logarithmic deviation, Hoogeveen and Ozler (200u) fevidence of a greater rise in
inequality.

Leibbrandt, Levinsohn and McCrary (2005) utilise #ame datasets as Hoogeveen and Ozler
(2004). However, they focus on individual inconfleased on the sample of individuals aged
18 and older) rather than on household per capdames or expenditures, as other studies
do. Leibbrandt, Levinsohn and McCrary (2005) fitndit the distribution of real income
shifted to the left over the period, resulting idrap in real income of 40 per cent for income
earners and thus an increase in poverty (Leibbrdre@tinsohn & McCrary 2005: 4). The
authors note that this large fall in income is imgistent with trends in the national accounts,
although they do not discuss the issue furtherbfir@indt, Levinsohn & McCrary 2005: 8).
In the same vein as Hoogeveen and Ozler, they atguethe main reason for the observed
shift in the distribution is a change in the retuto endowments; in particular, there is
evidence of falling returns to education for blagat@ntrasted with rising returns to education
for whites. One explanation for this finding isattwhites collectively possess more of the
type of education (i.e. tertiary) that has beenareled by skill-biased technical change than
blacks do. Furthermore it might be too early tpewt affirmative action to have had much of
an influence on racial restructuring of the labmarket, particularly given the low rate of job
creation. Youth and blacks appear to have boreehtmaviest burden of income losses
(Leibbrandt, Levinsohn & McCrary 2005: 35-37).

Section IV of this paper argues that the IES 1988 2000 datasets are particularly
problematic for purposes of comparing the inconsdrithution across years. Accordingly,
attention turns to studies that do not rely on B8 datasets for inference. Leibbrandt,
Poswell, Naidoo, Welch and Woolard (2005) analyatadrom 10 per cent samples of the
1996 and 2001 censuses, focusing on both incomeeoess poverty. These authors define
poverty in terms of two poverty lines: the inteioatl $2 a day line, and the level at which
Statistics South Africa first set the poverty lingts poverty-mapping work: R250 per month
in 1996 Rand. Applying these poverty lines to lehwdd per capita incomes, they find that
income poverty increased between 1996 and 200ljncimy an earlier trend noted by
Whiteford and Van Seventer (2000). In contrasHtmgeveen and Ozler's (2004) claim,
Leibbrandt et al. (2005: 11) argue that extremeepiyv(defined in terms of the $2 a day line)
has increased less dramatically than moderate pyo{aefined in terms of the R250 poverty
line), both in terms of the extent and depth ofqrbw.

At the same time as poverty rose, real househalohie in the uppermost quantiles increased,
causing a rise in income inequality. The authat nhat this is the first time that inequality
for the total population has increased beyond thellit stabilised at in 1975: the Gini
coefficient increased from 0.68 in 1996 to 0.732001 (Leibbrandt et al. 2005: 7). The
driver of this increased inequality was increasuagiation in incomes within race groups,
rather than variation across race groups. Theoasithlso highlight the fact that two trends
that had been observed in the income distributinoesthe 1970s either stopped or reversed
in 1996. There was no change in blacks’ sharetaf income (i.e. 38 per cent) between 1996
and 2001, ending the long-term increase in thisateghare that had been noted before
(Leibbrandt et al. 2005: 9). Further, the gap leemv white and black mean per capita
incomes widened over the period, reversing ther prémd.



Meth and Dias (2004) utilise the OHS1999 and LF22D@nd analyse poverty by focusing
on the number of people living in households thalt into the two lowest household
expenditure categories in each survey. They poutitthat in 2002 roughly 12 million
individuals live in households that spend less tRa00 per month, while 13.6 million
individuals are poor but slightly better off, witlousehold expenditures falling in the range of
R400-R799 per month (Meth & Dias 2004: 64). Thiggeres represent increases of 31 per
cent and 11 per cent respectively in the 1999 ptaps of the population falling into the
lowest two survey expenditure categories (Meth &9D2004: 63). To formally identify the
poor, the authors then apply a poverty line of RB&4 month in 1999 prices, as used by
Bhorat and Leibbrandt (2001: 80) in previous wofBn the basis of this measure, Meth and
Dias (2004: 79) find that 4.4-4.5 million individgajoined the ranks of the poor over the
survey period (on the basis of money metric poyedynd argue that poverty has increased
substantially over the post-apartheid period. HaweVermaak (2005: 6) points out that
their decision to analyse household expenditureg beachallenged, since in both surveys
households report only a single figure for totalntidy household expenditure. This is likely
to exacerbate the extent of expenditure undermegposince households are unlikely to recall
all of the goods and services purchased withoutgoprompted further, making it appear that
households are poorer than they truly are.

Having reviewed the studies that suggest poversyimereased, the focus of this review now
turns to empirical work that suggests that povemngy have stabilised or declined since
political transition. The UNDP’s 2003 Human Devaitent Report for South Africa (UNDP
2003) as well as research by Simkins (2004) anddérBerg and Louw (2003) fall into this
category.

The UNDP works with 3 poverty lines: the internatb $1 and $2 a day lines, as well as a
national poverty line set at R354 in 1995 Randime lwith the UNDP’s estimated cost of
satisfying minimum dietary requirements. Contragtilata for 2002with the IES 1995 and
using the national poverty line, the report findattthe proportion of people living in poverty
had fallen from 51.1 per cent to 48.5 per cent dkerperiod (UNDP 2003: 41). Despite this
decline, the absolute number of people living ingrty by this measure had increased from
20.2 million to 21.9 million as a result of poputet growth. The poverty headcount ratio
using the $2 a day poverty line also decreasedhtsligfrom 24.2% to 23.8%), although
disturbingly the headcount ratio for the most axieepoverty — measured on the basis of the
$1 a day line — increased from 9.4% to 10.5% (UNIDP3: 41). The UNDP reports that
while the extent of poverty appears to have dedIslghtly, the depth of poverty (measured
by the poverty gap) increased, particularly wheingisower poverty lines. Commenting on
the income distribution as a whole, the UNDP (2008 claims that inequality is worsening:
the Gini coefficient rose from 0.596 in 1995 to3b6n 2002.

Simkins (2004) performs analysis on the 1995 ar@D2&S surveys as well as the 1996 and
2001 censuses, in an attempt to arrive at robustigsions regarding the paths of poverty and
inequality in the post-transition period. He usepoverty line set at household income of
R800 per month. Before applying the standard itligional analysis techniques, the author

8 Chapter 2 of the Human Development Report — in wilehfindings on poverty are presented — does not
mention which dataset for 2002 is employed for purpasfeanalysis. We presume that one of the two LFS
datasets for this year is used.

° The poverty headcount ratio measures the propoofiamdividuals in the total population living belcavgiven
poverty line. The poverty headcount is simply the benof individuals living in poverty.



adjusts the data where it appears incorrect ornmpbete. His research indicates that
inequality increased substantially between 1995201il, although it provides less evidence
of a trend in poverty. On the basis of known esror the datasets, Simkins (2004: 10)
suggests that poverty may have worsened somewhbatloe period.

Van der Berg and Louw (2004) analyse the post-apattincome distribution using the IES
datasets for 1995 and 2000. However, they notectiraent household income rose over the
period, which is inconsistent with the observedlidecin household incomes using the IES
survey data. Accordingly, the authors calculateamacomes for each race group using
national accounts and other sources of data, aed #pply these to the intra-group
distributions of income contained in the IES daistSe Setting the poverty line at R250 per
month in 2000 Rand (to be broadly consistent witholdrd & Leibbrandt 2001), Van der
Berg and Louw (2004: 567) find that the povertydeant ratio stabilised or even declined
slightly over 1995-2000, although the number of gdediving in poverty increased due to
population growth. There is evidence of a fairipadl increase in inequality within race
groups (Van der Berg & Louw 2004: 566). This agparstability masks the substitution of
inequality within race groups for inequality betwerace groups, a phenomenon which is
driven by the gap between rising job prospectshighly skilled members of each race group
and declining prospects for less skilled workernfideed, by 1996 intra-racial inequality
accounted for 67 per cent of overall inequalitySouth Africa (Whiteford & Van Seventer
2000: 28).

Finally, it is important to qualify the findings dlis review by noting that only results for
money metric poverty analysis have been preserttedvever, income is only one dimension
of wellbeing and poverty often involves deprivatiom a number of levels. Considering the
extent of deprivation of access to basic serviegBer than income, it can confidently be
asserted that this aspect of poverty has been eddsince 1994. Comparison of census data
for 1996 and 2001 show a notable decline in depoman terms of services (Burger et al.
2004; Leibbrandt et al. 2005). Household survelyswsa strong increase in access to
housing, electricity, water and sanitation (Burgeal. 2004), and the improvement in service
delivery has particularly benefited the poorestdehwlds (Leibbrandt et al. 2005: 34). In
addition to these encouraging findings, note thest proportion of South Africa’'s GDP
allocated to social spending currently ranks ambtigs highest in the world (Rama 2001 in
Hoogeveen & Ozler 2005: 29).

v DEFICIENCIESIN THE DATASETS

Why would we have any reason to question the repenerty and inequality findings?
Firstly, both census data sets suffer doubly frohigh number of households reporting zero
incomes and a large number of missing observationpersonal income. “Zero-income”
households amount to 12.6 per cent of the totdl9®6, and 23.2 per cent of households in
2001 (Simkins 2004: 6). In 1996, 11.8 per certtamiseholds returned missing values for one
or more members (Simkins 2004: 6), while in 200Xertban a quarter of individuals lived in
households where some of the individuals have ngsgicome data (Ardington et al. 2005:
7). Adjusting for the missing data in Census 2@@bugh income imputation, Ardington et
al. (2005) find that estimates of mean income aredjuality are higher, while estimates of
poverty are lower; this is because non-response hgtger for those in urban areas and
amongst whites — groups which are more affluenaweerage (Ardington et al. 2005: 12).

9 This technique is also utilised in the current studyl, ia explained in more detail in the Appendix.
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Another problem with census data is that inequdktyels are understated as a result of
collecting income information in bands, althoughtdoately not by much (Ardington et al.
2005).

Issues that make comparability particularly difficplague the IES1995 and 2000 datasets.
Indeed, two years after publishing its report conmgathe results of these surveys, Statistics
South Africa admitted that the two surveys were dioéctly comparable. Benchmarked
against population figures from Census 2001, th&2@0 under-represents the white
population while over-representing the black popoita(Hoogeveen & Ozler 2004: 41). As a
result, there is large gap between the estimatdww$ehold income from the IES2000 and
national accounts data (Vermaak 2005: 2). Attemgpto correct for this problem is not an
easy task. Hoogeveen and Ozler (2004) re-weightahial populations from the IES2000 in
line with the estimates of racial shares from Cen2001. However, Vermaak (2005: 6)
points out that this assumes that incorrect samptincurs randomly across each racial
population, rather than being a systematic probiemhouseholds of a certain expenditure
range. If the assumption is incorrect, then “ccting” for incorrect sampling does not
accomplish its purpose. Furthermore, Simkins (2@D4notes that the IES2000 measures
property income poorly, resulting in understatenadrthis component of household income.

\Y, METHODOLOGY AND PRELIMINARY FINDINGS

This study looks at the evolution of poverty anddgnality in post-transition South Africa
from a different perspective than those adoptethénstudies referred to in Section Ill. The
first important difference is that we consider ap@s in the income distribution over a longer
time period, through extending analysis beyondtiime at which previous work ends (i.e.
2000-2002, depending on the datasets utilised)art®pom the semi-annual LFS surveys, the
next household survey to be released — that idE8e- will only be available in a number of
years’ time. Even then, comparing this survey witkvious IES surveys is likely to be
problematic, given the issues referred to in Sachit Secondly, our work is not as easily
influenced by the vagaries of individual surveyacs we utilise a number of surveys in our
attempt to extract trends. Thirdly — and perhapsstmimportantly — our distributional
estimates are adjusted to be consistent with th@®na accounts series for aggregate
household incorté. Authors including Leibbrandt, Levinsohn and Ma6r (2005: 8) have
noted that the recent trends they pick up fromyaislon survey data diverge from trends
emerging from the national accounts, although theyot attempt to reconcile the two sets of
household income trends.

Regarding methodology, this paper extends the worle in Van der Berg and Louw (2004),
and as such largely follows the methodology empdoyethat study. We first arrive at a
distribution of household income across race gragnsg a number of data sources including
national accounts data series, employment data tinenStandardised Employment Series and
Labour Force Surveys, and social grant data fraeafiincidence studies. The mean racial
per capita incomes obtained through these caloulatiare then applied to intra-racial

1 Note that Simkins (2004: 1) adjusts national accoentrent household income by reducing compensation of
employees by an estimate of 10 per cent (for emplogatributions to funds) and property income by 26 pe
cent (for imputed rent). The reason for this is that IES and census questionnaires do not inclugeoger
contributions and imputed rent in their definitiorfspersonal income. We do not make a similar adjustme
here, and thus over-adjust survey data (i.e. raisegg@ta income means to reflect the full actual disznep
between national accounts mean income and survey nmeame), thus implicitly assuming a similar
distribution of these income sources as for measurnedgpéta income.
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distribution data obtained from household survelyge (annual All Media and Products

Survey) to arrive at estimates of the income digtion that maintain the household survey
distribution information but accord with nationatcaunts current household income

magnitudes. In other words, we trust national ant®data for aggregate household income,
while we trust survey data for the distribution safch income between households. This
methodology is not uncontroversial (opposition tasi voiced by Deaton 2003, amongst
others), although underreporting of income is kndawibe a serious deficiency of household
surveys (Deaton 1997). Indeed, the underestimationcome in survey data is particularly

serious for inferring trends regarding the pathtlté income distribution, since research
evidence reveals that the divergence between sunoeyne and national accounts income
may be growing over time in developing countriesisTis true at least in India, a country that
has had a large enough number of surveys to foarb#sis for such judgements (Deaton
2003).

While income data from survey datasets is oftewdld one cannot necessarily assume that
national accounts data is free from errors, howewvarparticular, national accounts data is
prone to non-sampling errors in the form of incost@hess or inconsistency, and methods of
data collection are often changed arbitrarily. thewmore, there is no transparency in the
calculations used to estimate aggregates, and gexampositions of totals are not provided
(De Lange in Devereaux 1983: 6). In addition tolsissues, it should be acknowledged that
the decision to adopt income trends contained e rthtional accounts rather than those
reflected in household survey data is not a trigia¢ since trends extracted from these data
sources run in opposite directions during recearsy.e The current household income series
contained in the national accounts reflects angt@ith of 4.1 per cent over the period 1995
to 2000% while many of the studies referred to above hibted evidence of declining
household incomes and worsening poverty. For mugta Leibbrandt, Levinsohn and
McCrary (2005) note that the two IES surveys imalynassive fall of about 40 per cent in
real earnings between 1995 and 2000. The authmrsngto argue that the fact that this
contradicts national accounts may be a reflectiorthe accuracy of the latter rather than on
the surveys. If such a drop in income truly ocedrit would imply a worse shock to output
than that experienced during the Great Depression.

What evidence is there to judge claims of the soade by Leibbrandt, Levinsohn and
McCrary (2005) by? A sharp decline in incomes wldog¢ expected to lead to a comparable
fall in petrol sales — but sales of petroleum patduncreased 9.0 per cent, petrol by 2.4 per
cent, and paraffin by a miniscule 0.8 per centl{pps because growing access to electricity
may have dampened paraffin demand). Another italicaf economic activity — electricity
produced - increased by 12.9 per cent while etgtrconsumed by 15.0 per cent, the
difference being partly accounted for by electyicimports. The volume of goods
transported, mainly by road, increased by 12.Zpat. Audited national revenue figures also
provide a real and strong contradiction of the syrirends. Instead of strongly declining, as
one would expect in response to a strong declinedomes of the magnitude implied by the
two IES surveys, overall tax revenue increased 20 cent, largely driven by strong
increases in VAT revenues (18.9 per cent), incameaavenues (26.0 per cent) and company
tax revenue (32.6 per cent).Improved tax administration is acknowledged to ehav
contributed to this rise, but some economists bel@DP growth is under- rather than over-
estimated, judgethter alia by the buoyancy of tax revenues. Data from sig\@yeconomic

2 This calculation is based on Reserve Bank data.
13 Such revenue increased despite the fact that VASS nemained unchanged, and that both income tax and
company tax rates were adjusted downwards duringehed.
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activity conducted by Statistics South Africa tHaed into national accounts data series
indicate that many of the components of aggregetdyttion and expenditure have grown
substantially over the period 1995-2000. Retadl emolesale sales grew by 9.9 per cent and
4.8 per cent respectively, while there were alspgases in expenditure on non-durables (4.8
per cent), semi-durables (33.9 per cent) and desa{8.4 per cent). In fact, the only two
items that experienced negative growth were casgalalue of vehicles sold declined by 8.5
per cent) and buildings completed (value down IdeP cent), both of which are strongly
cyclical types of expenditure (own calculationsigsbtatistics South Africa 2003).

On the basis of this evidence, it appears impldesitat household incomes have declined to
the extent suggested by researchers’ analysiswo$uavey data. This also suggests that using
the two IES surveys for comparison purposes, withaking cognisance of the sharp drop in
incomes that such comparison implies, is likelylegad to erroneous conclusions regarding
trends in poverty. We aim to address this problmcombining survey data with other
sources of household income data. Before turrongutr analysis of poverty and inequality,
we evaluate trends in income over the post-tramsifieriod. Note that all amounts are in
constant 2000 Rand, unless stated otherwise.

Trendsin current household income:

Current household income is defined as the aggeenfathree components: compensation of
employees (i.e. remuneration), transfers from gowent, and other income (“property
income”) consisting of residual items. Of thisidesl category, the most important sources
of income are:

* Profits, farm income

» Dividends

* Interest payments

» Other transfers

Current household income is determined by GDPénldhg run, even though its growth may
deviate from GDP growth in the short run as a tesiutyclical variation. Over the last two
years, current income has increased surprisinglydisa predominantly as a result of the
growth of government transfers to households anith@fwage bill. The CSG has expanded
particularly rapidly, and disability grants have@akxpanded somewhat. This rise in transfers
benefits the poorer race groups, and poorer segnwnthe population within each race

group.

Figure 1 decomposes current income by its compdneatne sources. Note the surprisingly
large growth of property income over the period.hisTimplies that the rich generally

benefited more from the proceeds of economic graidim other groups did, since property
income accrues to households on the basis of éilss&t holdings. In South Africa, wealth is
far less equally distributed than income is, aratehs a stronger racial bias in its distribution.
The recently introduced sectoral charters are tadgat correcting this form of inequality.

Trends in remuneration income, employment and wages:

The methodology employed for deriving estimatethefracial share of remuneration income
and racial wage and employment trends involves aomdp a number of data sources,
including the Standardised Employment Series, OhSLES data. The need for combining
these datasets arises because racial data for ymgb and wages is not available from the
mid 1990s onwards. Once estimates of employmemaby group are obtained, racial mean
per capita incomes are obtained using the compensat employee data series taken from
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the national accounts. Interested readers areedfto Appendix 1 for further details of our
methodology.

Figure 2 shows the total employment series congdudiere in comparison with total

employment estimates from the LFS, OHS and VanB#gg and Louw (2004). The rising

employment numbers observed from OHS data foratee1990s are likely to be the result of
better capturing informal sector employment, ratthem reflecting additional job creation.

Figures 3 and 4 show similar information for blaeid white employment trends.

Figures 5 to 8 show the racial wage series cortsiutere, in comparison with wage trends
derived from the LFS, OHS and Van der Berg and L¢2@04). The declining real mean
wage for blacks evident in LFS estimates of wagelteis probably due to an improvement in
the ability of Statistics South Africa to capturdarmal sector employment. Accepting this
decline probably contributes to our estimates atklper capita income being overly low for
2000. However, our wage estimates for blacks bottat in 2000 and thereafter show strong
growth. It is unlikely that the overall growth st in our estimate over-estimates black
wage trends: rather, the time trend may be somewafiatted by accepting the recorded
decline until 2000. Employed workers of all growgppear to be benefiting from wages that
have been rising steadily since 280avith Indian and then black workers gaining most.
White workers have not benefited as much from tieisent trend. Figure 9 uses our
constructed wage series to show that real blaclesragve been rising steadily in more recent
years.

Finally, we examine trends in remuneration accrumgnembers of the various race groups.
Remuneration is determined as the product of meagewevels and employment for each
group. Figure 10 shows trends in the racial shaf@smuneration income. Note the steadily
increasing black share of remuneration, which copreslominantly at the expense of the
shrinking white share. The coloured and Indianrehaof remuneration remain roughly
constant over the period. Figure 11 shows theutiool of the wage bill by race group,
indicating that blacks are reaping substantial fitsnas a result of increasing real wages and a
rise in the black share of employment.

Trendsin transfer income:

Under apartheid, the racial distribution of graayments was available. Therefore, this data
was utilised for estimating the racial share ofngfar income during the early 1990s.

Previous fiscal incidence research by Van der B@2@D1) provided the racial shares of

transfer income for 1993, 1995 and 1997, while lsimnore recently conducted research by
the same author — based in large part on the IESAOB5 and IES/LFS2000 — provided

comparable information for 1995 and 2000 (Van dergB2005). The General Household

Surveys (GHS) collected in 2002, 2003 and 2004 ideoanother source of data. Estimates
of actual grant income received by each race gmeere arrived at by applying the racial

shares of social grants obtained from each GHSIliigpexpenditure on grants obtained from

the 2005 Intergovernmental Fiscal Review. The Itesseem quite stable, as Table 1
indicates, with only the 1997 data point for blatkisig outside of the trend. For the few

years where no direct data source was availabdéeestwere interpolated.

4 Note that in percentage terms, the recent risesickbivages apparent in our series is substantially lénger
the rise in white wages.
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Table 1: Transfersfrom government: Estimated racial shares, variousyears
| Black | Coloured | Indian White
Estimated racial shares used:
1993 77.2% 12.5% 2.5% 7.8%
1995 78.8% 11.6% 2.3% 7.3%
1997 81.0% 10.4% 2.1% 6.5%
2000 77.0% 9.3% 3.4% 10.3%
2002 80.4% 10.4% 2.6% 6.7%
2003 84.4% 9.2% 2.3% 4.1%
2004 85.1% 9.5% 1.8% 3.6%
Racial shares applied to transfers from government transfer component of current income:
1993 R23 970m R18 514m R2 988m R594m
1995 R25 483m R20 079m R2 959m R588m
1997 R32 934m R26 693m R3 418m R680m
2000 R30 784m R23 698m R2 869m R1 042m
2002 R33 071m R26 588m R3 431m R851m
2003 R41 470m R34 986m R3 824m R948m
2004 R53 301m R45 351m R5 087m R945m
Sources: Van der Berg 2001 (for 1993, 1995 & 1997); Van derg32005 (for 1995 & 2000); calculated from
GHS2002, GHS 2003, GHS2004 for 2002, 2003 & 2004nests

Trends in other (property) income:

As indicated before, this type of income is maiobmprised of income earned from assets
and business profits. Since the asset (i.e. edistribution is more highly skewed than the
income distribution, income flows from assets dosvd0 change. The reason for this is that
the lower ability of the poor to save implies tltlagy cannot readily build up asset bases.
While black economic empowerment, land redistributand related policies may already
have had an equalising impact on the asset distiiut is unlikely to have been very large.
Since we have few sources of data on property iethnve make the simplifying assumption
that the black share of property income has coatinto grow slowly, increasing by 0.5
percentage points per year from a very low base.

Trends in total income accruing to blacks:

Figure 12 decomposes total black current househmdme by its components. There
appears to be a fair degree of stability in twotled three major components of current
income, with only transfer income visibly increagisince the mid 1990s. The sudden drop
in the black share of remuneration income in thd-8fls and thereafter a step up seem to be
counterintuitive. Given the observed wage increagsee would have expected a stronger rise
in the black remuneration share, suggesting thegnteestimates of the size of the black
remuneration share are underestimates.

The finding that the three components of incometrdmute very different proportions of

black income suggests that any changes in theivelanhportance of the three types of

income have major implications for the overall digition of income between the race

groups. In particular, the trends in the typesnobme have impacted the black distribution

as follows:

» The longer term rise in property income shifts tgses away from blacks (if overall
current income is unchanged).

15 Simkins (2004) notes that the IES2000 in particstaiously understates household income from property.



15

» The very recent rise in the share of transfer inedmanefits blacks relative to other race
groups, with their share in this source exceedivagr tpopulation share. The reason for
this disproportionately high share in transfer meois that most of the grants are
available on the basis of a means test, and themagrity of poor people who are
eligible for grants in terms of this test are black

Figure 12 shows the black share of the various compts of current income and total
current income. The observed increase in bladka'esof income over 2002-2004 is due to a
combination of rising transfer incomes and risiaguneration incomes.

Trendsin per capita income:

Per capita income is derived as total current Honiseincome divided by total population

size. We used population estimates from Van Aardt Van Tonder (1999) and Sadie
(1993), as well as Statistics South Africa’s 200&l-grear population estimate. Annual

growth rates by population group for 2001 to 20G5aevapplied to the 2000 population data
to obtain population estimates for each of therugming years. Population growth has
recently fallen to very low levels; the black pogidn in particular is experiencing a rapid
decline in population growth as a result of fegtildecline and AIDS. Population decline

amongst whites (due to low fertility and emigra)idvas slowed, thus raising white per capita
income growth rates for a given racial income share

Figure 13 indicates that all race groups experiéqes capita income growth over the period
under study. In overall terms, this growth accskn after the turn of the century due to
more rapid economic growth, slowing population gtowand current income growth
sometimes far exceeding GDP growth. However, thets in current income growth rates
are somewhat puzzling and, if artificially causeddsrors in the data, may exaggerate per
capita income growth for the last two years inipafar.

Turning to racial per capita income performanceiceahat the per capita incomes of whites
have been growing rapidly since the mid 1990s agsalt of this group maintaining a
constant share of remuneration income, increashaiy tshare of property income, and
experiencing negative population growth. Black papita income growth has been steady
but not rapid since the political transition (thpug in 1995 is probably an aberration caused
by problems related to comparability issues coringrthe 1995 IES/OHS and other data).
However, the growth in black per capita incomesirduthe last two years has been very
rapid. Because this growth is so important for Weeacity of the overall poverty and
distributional picture, it needs further investigat Various factors appear to have
contributed:

* An acceleration in black remuneration levels assalt of the improving performance of
the economy in creating jobs;

» The rapid growth of transfer income from governmehich is known to be driven by the
expansion of the CSG, increased uptake of othertgfparticularly disability grants), and
higher economic growth;

» This last factor is also combined with an incregdafack share of transfer income, with
the initially slow uptake of the CSG in rural ardaing yielded to very rapid expansion;

» Slowing population growth amongst blacks has alsamhthat the gains from a growing
overall income share of blacks have been spreadcigsha smaller population, raising per
capita incomes as a result.
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Figure 14 shows the per capita income levels obther race groups relative to white levels.
Note that despite recent improvements in black qagiita income levels, black per capita
incomes remain well below 15 per cent of white gaguita income levels.

The per capita income trends derived in this sactoym the basis for further analysis of
poverty and inequality in Section VI.

VI RESULTSOF EMPIRICAL ANALYSIS

In order for us to be able to conduct income distion analysis, it was necessary to combine
data for intra-group distributions of income withetdata for inter-group distributions of
income. Datasets from the All Media and Producis/&y (AMPS) series were employed for
this purpos¥. Once racial distributions had been obtained gisire AMPS data, the per
capita means were adjusted in line with inter-dgoé capita means arrived at earlier in this
study. In other words, the entire income distiitmutfor each race group was shifted in line
with “reliable” per capita mean incomes. Furthestails regarding the methodology
employed for this exercise are contained in Appegdi

Before turning to analysis of poverty trends, wevie a brief overview of intra-racial
inequality. Figure 15 indicates that the Gini caeéints show increasing inequality of
incomes over the period as a whole for each offtlie race groups, consistent with most
findings of rising within-group inequality in thédrature. However, all race groups show
individual deviations from this broad pattern, witie most surprising deviation being the
declining Gini coefficient of the black populatisince 2000. This decline together with the
later but larger decline of the Gini for the coledrpopulation are consistent with a scenario
in which the expansion of grants and widening emplent opportunities have benefited the
poor more than proportionately. Since almost fithe poor belong to the black or coloured
groups, these groups would have experienced thategteinequality-reducing benefits of
additional transfer income during recent years. Thiai coefficient measuring overall
inequality (the net effect of both intra-group inetity and inequality between the race
groups) is large and has risen over the periodhiag levels in excess of 0.70. Ardington et
al. (1995) arrive at similar results using censagdlt is well known by this stage that the
intra-group aspect of inequality has been risintatinee to the very high inter-group
component.

Our focus now shifts to the major aim of this studshich is to determine with as much
confidence as possible whether poverty has impr@redorsened since political transition.
The first step in poverty analysis is identifyifgetpoor. Here two poverty lines are utilised: a
lower one set at R250 household income per montiR®000 per year in 2000 Rand,
following Van der Berg and Louw (2004), and a higbee set at R281 per month or R3 371
household income per year, following Bhorat (2604) The lower poverty line is a
conservative measure in the sense that it willtilethose living in relatively deep poverty,
although it is judged to be high enough to act aslatively realistic identifier of poverty.
The slightly higher poverty line includes some whme moderately poor. Apart from
measuring poverty on the basis of these two pouargs, we will test the sensitivity of our

18 A study by Van der Berg and Louw (2004) that foléma similar methodology used the IES data to obtain
the intra-group distribution.

7 Bhorat (2004) bases his poverty line on one uselldy, viz. R903 per month per househaid1995 Rand
values. Adjusting for inflation and for the averdgrisehold size of 4.44 found in the 1995 OHS, thivedsa
to R3 371 per person per annum in 2000 Rand values.
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poverty findings to a number of alternative povdites to check for the robustness of our
findings. This is necessary because the choica @overty line is fairly arbitrary by
construction. For purposes of measuring povertg, wse the Foster-Greer-Thorbecke
measures: the poverty headcouny) (feflecting the extent of poverty, the poverty gagex
(Py) reflecting the depth of poverty, and the squgpederty gap index ( reflecting the
severity of poverty.

Table 2: Selected indicators of poverty, assuming AMPS intra-race
distribution and own estimates of inter -racedistribution

1993 2000 2004
Per capita income: Quintile 1 R8%5 R8H6 R1 185
Per capita income: Quintile 2 R2 162 R2 (86 R2 |70
Using poverty line of R3 371 per capita per year
P, (Headcount ratio) 0.441 0.446 0.366
P; (Poverty gap ratio) 0.224 0.230 0.169
P, (Squared poverty gap/Poverty severity ratio) 0.144 0.146) 0.10(
Number of poor (million) 16.9 18.y 180
Number of non-poor (million) 23.0 260 28|14
Using poverty line of R3 000 per capita per year
P, (Headcount ratio) 0.406 0.413 0.382
P; (Poverty gap ratio) 0.20D 0.205 0.146
P, (Squared poverty gap/Poverty severity ratio) 0.126 0.127 0.08%
Number of poor (million) 16.2 18.b 1544
Number of non-poor (million) 23.Y 26 310

Table 2 reveals a poverty trend that is robush®dhoice of poverty line. The headcount
poverty rate, poverty gap index and squared powgatyindex all increased slightly over the
first part of the period covered, and declined &llvelow their starting levels towards the
end of the period covered. (Because the AMPS da&s not go back further, we confine
ourselves to the 1993-2004 period.) The proportibmeople living in poverty increased
during 1993-2000, probably as a result of sluggisbnomic growth and poor labour market
prospects. However, in more recent years the ptiopoof poor people appears to have
declined substantially, possibly due to a combamabtf faster growth, better labour market
prospects and large-scale expansion of the socdalt gystem. A similar trend applies in
terms of the poverty headcount (i.e. the absoluttmber of people living in poverty),
although the number of people living in poverty2004 was roughly similar to the number of
people living in poverty in 1993 as a result of plgion growth.

In addition to the observed reduction in povertable 2 reveals that the per capita real
incomes of individuals comprising the poorest tvopylation quintiles rose by more than 30
per cent during 2000-2004. While this rise mayirat seem implausibly large, it should be
borne in mind that the total income received bygberest two quintiles in 2000 amounted to
R27 billion. Government subsequently increasedrtsual social grant payment bill by R22
billion (in constant 2000 Rand terms), most of vhiwould have been received by
individuals in the bottom 40 per cent of the incomhstribution. In the light of this
information, the dramatic improvement in the incenoé the poor is believable. Lastly, note
that the number of non-poor South Africans hasdased steadily throughout the period.

Analysis performed on the raw AMPS data corrobarate findings from analysis performed
on the combined data, as Figure 16 shows. IntflaetAMPS data reveals a downward trend
in poverty incidence from as early as 1996 onwasdspming steeper after 2000. This is an
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encouraging finding, and it supports our argumenttioning against the use of recent other
survey data sets for comparative purposes.

Figure 17 shows that the trends in poverty appedetindependent of which poverty line is
selected from a broad poverty-relevant range. d@lgpoverty lines ranging from R2 000 to
R4 000 per capita income per annum, poverty seenfmve been declining sharply since
about 2002 after a modest rise at the end of teeiqus decade. The speed at which poverty
appears to have declined since 2002 is strikind,raay be challenged as being the result of
quirks in our data. To answer such claims, westigate the issue further:

* The impact of the recent expansion of social gramghe poor is likely to have been
major, considering that real transfers from goeréased by some R22 billion in the last
two years (in 2000 Rand), an amount well in exc#sdR1 000 per poor person. Bear in
mind that poverty is defined as income of less tR&900 per capita per year in this
paper. The grants are supposed to be targetedgthrine means test, thus most of the
additional R22 billion flows into poor household€onsidering that the income of the
poor was only R27 billion in 2000, an increaseanial grants of such magnitude makes a
great difference to the poor and may lift manyhafrh out of poverty, if it is well targeted.

* Real remuneration rose by R53 billion between 2@0fRI 2004, representing an
exceptionally large increase by South African séadd of 11.7% over this period. This
effect, if accurately measured in the national aot®, must have had a strongly positive
influence on the incomes of many of the poor, eitheough higher wages or through
increased employment.

* Income distribution, particularly in the black pdgtion, is relatively clustered around the
poverty line. This means that small shifts in tligribution could have large impacts on
poverty. The poverty consequences of distributishéts are particularly severe if black
incomes change, given the size of this group aeadbserved clustering of black incomes
near the poverty line. Thus, the impact of gramts poverty is strongest if grants
contribute predominantly to black incomes.

* Hindsight may assist in determining whether at tlgzest of the recorded decline in
poverty we are seeing for 2004 may be an artefadh® data (in this case national
accounts data). If part of what is shown here abap increase in current income is a
correction for under-recording on income in otheans, then it may be the case that the
poverty impact is showing with a lag. But on theibaof the available evidence we have
no doubt that there has been a noticable declipeverty in the last few years.

In summary, our analysis using both combined dathraw survey data show that there has
been a marked decline in poverty since 2000. Thesets are broadly consistent with the
UNDP’s (2003) report that the extent of povertyloesa slightly over the period 1995-2002.
The direction of the trend in poverty over 1993-Q2@0at out data shows is consistent with the
findings of other authors who have found that ptwarcreased during the second half of the
1990s (Hoogeveen & Ozler 2004; Leibbrandt, Levims&McCrary 2005; Leibbrandt et al.
2005; Meth & Dias 2004), although the magnitudetlod increase that we find is not
consistent with the massive income decline desgrilyel eibbrandt, Levinsohn and McCrary
(2005). Furthermore, it is likely that we haveghliy over-estimated poverty here, given that
we adopted conservative assumptions regardinghttne ®f black income. Therefore, the true
conclusion regarding the extent of poverty in Sofitica may be even more optimistic than
the one drawn here.
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The flip side of the coin of falling poverty is althat more black people are joining the ranks
of the affluent and the middle class. We arbilyanse two boundaries to measure upward
mobility of the black population, viz. a higher abof R40 000 per capita income per annum
in 2000 Rand (people in this group are here redetweas the higher middle class) and a lower
bound set at R25 000, which separates the workmbraiddle class from the rest of the
population. The numbers above the higher middisstline, presently constituting just over
ten per cent of the population, increased almostefbld from about almost 400 000 to
almost 1 200 000 in eleven years over the peri@B1304. The black share of this group —
though still small — doubled to almost one quarighilst about half of the increase in
numbers in this group occurred among the rankdawkis (an increase of about 0.8 million,
versus about the same number collectively for therahree groups). There was clearly also
an increase in black penetration above the lowantdincluding those who were above the
higher middle class line), i.e. even the estabtisherking and lower middle class expanded.
Perhaps widening inequality within the black popiolain the past decade has been partly the
result of more people joining the ranks of the rfeddass.

Table 3: A growing middle class

1994 2004
The higher middle-class (above R40 000 per capita):
Blacks 397 987 1193780
Other (non-black) 2 826 092 3 635 405
All 3224079 4829 184
% of whole population 8.1% 10.4%
% of blacks 1.3% 3.3%
Black share of higher middle class 12.3% 24.7%
The working and lower middle class (above R25 000 per
capita):
Blacks 1137 367 2 553 998
Other (non-black) 4 240 358 5105 222
All 5377724 7 659 220
% of whole population 13.5% 16.5%
% of blacks 3.7% 7.0%
Black share of working and lower middle class 21.1% 33.3%

Source: Own calculations

Note the relatively low level at which per capiteome is defined as higher middle class. It
is used in a relative sense here, i.e. the lowotfuteflects the fact that the vast majority of
South Africans still live on much lower incomes.

Finally, we test for the sensitivity of our findimgo the specification of the poverty line. The
tool used for this purpose is estimation of cumuatiensity functions (CDFs). These show
the proportion of the population below any giveocadme level, i.e. the proportion that would
be poor if the poverty line were drawn at that levdhus, higher CDFs reflect greater
poverty. If two CDFs do not cross or intersect roee broad poverty range, we can
unambiguously conclude that poverty is higher feg group for whom the CDF lies above
the other, irrespective of which poverty line isosen or which poverty measure (poverty
headcount ratio § poverty gap index 2 or poverty severity index,Pis employed. This is
referred to as poverty dominance, i.e. that thalr@s terms of the ranking of poverty holds
irrespective of the measurement of poverty. Inabeompanying graphs, we plot a vertical
line at the level at which we have drawn our povéne, i.e. R3000 per person per year. We
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show the CDFs with alternately income and the lbgnoome on the horizontal axis — the
latter allows us to get a better overview of theolehdistribution. As dominance holds so
clearly, our choice of scale need not be influenoedh by the actual data.

The first two graphs (Figures 18a and 18b) show tba 2004, poverty is much higher
amongst blacks than in any other group. Povertprayst coloureds is higher than for
Indians, and it is higher for Indians than for velsit An increase in the average income of any
group without a change in the distributional pattenthin the group would shift the CDF
curve downwards. This is equivalent in its effiecta shift leftwards of the poverty line. For
the groups for which the slope of the CDF curveteeper around the poverty line, shifts in
per capita income would thus have a greater effedhe poverty headcount rate. In the case
in point, blacks and to a lesser extent colouredslavgain most from an increase in their per
capita incomes, which at least partly explains g poverty measure has been so sensitive
to the sharp increase in per capita black income®dent years. Moreover, the sources of
much of this income — social grants and more jolase-likely to also have ensured a more
equitable distribution, thereby strengthening tle¢ impact of rising per capita incomes on
poverty.

The second set of graphs (Figures 19a and 19b) shatvthere is poverty dominance
between 2004 and any other year shown, i.e. thatrpowas less in 2004 than in 1993, 1995
or 2000. There is less certainty about which yeéithose selected showed the second least
poverty — there is no clear dominance, althougthénpoverty relevant range surrounding the
poverty line we have chosen it appears as if tieehess poverty in 1995 than in either 1993
or 2000. Further analysis, not shown, indicates$ foverty was also unambiguously less in
2003 than in any other year bar 2004. Thus thelasion that poverty has declined in the
last two years of the period studied (2003 and 2@0mpared with poverty in earlier years is
not dependent on the poverty line chosen. Itss aldependent of the poverty measure: the
poverty dominance observed in recent years imptiasnot only the poverty headcount rate
but also the poverty gap and the poverty seveaiips must have declined.

The kernel density curves shown in Figure 20 réftee clear racial income hierarchy that
still applies. The curves have the typical lognakshape associated with distributional data;
here they appear to have a normal shape becatise loig scale employed for income on the
horizontal axis. Although there are overlaps iciabincome distributions, it is clear that the
curves make distinctly different contributions teetoverall income distribution. One can
think of the impact of per capita income increatled leave the shape of the distribution
unaltered as shifting distribution curves to thghtj i.e. moving a number of people
(especially black people) over the poverty lineheTimpact on poverty is similar if the
amount at which the poverty line is set is reduéed,as if the poverty line is shifted to the
left. As can be seen in Figure 20, poverty amongstes and Indians is limited and likely to
remain so even in the event of a major income shdgk contrast, to sharply reduce large
scale poverty amongst blacks requires more thanajudistributional shift within the black
population: growth of average incomes is imperatiet differently, the issue is not so much
how to change the shape of the black distributesnréflected in the density curve), but rather
how to shift this distribution to the right.

VIl SCENARIO ANALYSIS

The impact of two of the major positive factors mpaiing poverty reduction — increased
employment and an expansion of grants — can beozmippated via comparative static
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analysis. The approach employed here is crudetHaupurpose is merely to estimate the
magnitude of these influences. In both cases tBR0OBO0 is used for analysis.

The first comparative static experiment considbesdffect of the expansion of the value of
grant spending — a real increase of R22 billio2@0 Rand — that took place between 2000
and 2004. The assumption here is that this ad@itispending was distributed across deciles
in the same proportion as the targeting of graotsd by Van der Berg (2005). As can be
seen, the large volume of these transfers, comhintdtheir relatively good targeting at the
poor, ensures a major impact that is largest ettived terms amongst the poorest three deciles.
It should be considered, though, that the impadherdistribution is a little more complex, as
those who receive such grants would often be mdawedigher deciles as a result of their
transfer income. These individuals’ post-trangfieome would then exceed the incomes of
some individuals with larger pre-transfer incomdswlo not receive grants.

Table 4: Potential impact of the actual expansion of social grantsin
the period 2000-2004, assuming expenditureisdistributed asin
20000
Mean income _Avgrz_age%
Income Per capita after expansion of risein income
deciles incomein 2000 grantsby R22 of original
billion members of
decile
1 R819 R 2 751 235.9%
2 R1 559 R 2 686 72.3%
3 R2 320 R 2 819 21.5%
4 R3 305 R 3 654 10.6%
5 R4 689 R 4 98( 6.2%
6 R6 643 R 6 884 3.6%
7 R10 029 R 10 229 2.0%
8 R16 830 R 17 017 1.1%
9 R29 195 R 29 313 0.4%
10 R81 675 R 81 748§ 0.1%
Total R15 670 R 16 174 3.2%

Source: Own calculation, IES 2000 & Van der Ber§=20

An alternative experiment considers the povertyaotmf creating an additional one million
jobs. The hypothetical (approximately) one milligopbs were allocated according to the
likelihood of employment based on a probit modetwfrent employment. In calculating the
income impact of such an expansion in jobs, theames unskilled wage was applied to the
group who were additionally allocated jobs in oyptthetical scenario. As the tables below
show, the bulk of the additional jobs would be edited to the bottom five deciles of
households, many of whom are currently without aage earners. The rise in mean incomes
is also considerably higher among the bottom figeilds. Using a R3000 per capita annual
household income as a poverty line, 299 096 houdshare lifted out of poverty after the
simulated increase in employment. This amounts #o6apercentage point reduction in the
percentage of the population that is poor. This ¢aumn also shows that the proportional
income impact of the additional jobs is by far tpeatest amongst households who are
presently the poorest. Mean income of those prseanstituting the poorest decile would
increase by almost 46 per cent, whereas the meames of the fourth poorest deciles and
above only increase by less than 10 per cent, théhimpact proportionately least at the top
of the distribution.
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Tableb5: Theredistributiveimpact of creating a million jobs, 2000
Jobsthat
would goto Per capita | Per capita | % increase
L households Total ) ) .
Income Additional income income in mean
X . presently number of .
deciles | jobscreated X beforenew | after new | incomedue
without any | households : . .
jobs jobs tonew jobs
employed
workers
1 181 644 124 770 1149 669 819 1193 45.7%
2 135108 84 345 1130 231 1559 1864 19.6%
3 122 336 54 593 1127 061 2 320 2614 12.7%
4 109 607 45 964 1131 409 3305 3621 9.6%
5 112 705 33 956 1137514 4 689 5012 6.9%
6 86 242 28 098 1131 840 6 643 6 947 4.6%
7 85 351 22 813 1143 424 10 029 10 286 2.6%
8 69 503 14 698 1131391 16 830 17 051 1.3%
9 57 245 14 966 1129 312 29 195 29 424 0.8%
10 32 067 3504 1133137 81 675 81 809 0.2%
Total 991 808 427 707 11 344 988 15670 15946 1.8%

Source: Own Calculations, IES 2000

Grants have already had and indeed are continwingate a major impact on poverty
reduction because of their unprecedented expamsithe last four years (an increase in real
terms of R22 billion, more than 70 per cent). Hoare\as a poverty reduction strategy, this
method is nearing the boundaries of its effectige, wiven fiscal constraints. Job creation is
an alternative poverty reduction device that algpears to have brought rewards in the last
few years, particularly for the black populationvele though many of the poorest are
unskilled, expansion of jobs would bring signifidgnmore income to those who are
presently poor, raising them above the poverty lare into higher deciles. Jobs are
surprisingly well targeted at the poor, assumirgt fresent characteristics of incumbents of
jobs represent the characteristics that are sdugpotential employers. However, if the skills
content of jobs continue to rise, the beneficighatt of new jobs on those presently poor may
be reduced. Both jobs and grants are more likelp Wwigh economic growth, which also
tends to increase the other sources of income (@vagd property income) of those who
presently do have such incomes.

VIl CONCLUSION

We have used a multiplicity of sources to arriveradible answers regarding what has been
happening to poverty and income distribution in tBo@dfrica. The picture that emerges is
more nuanced than the one found in some of the pthwerty literature, particularly because
we are less dependent on the values that emengetivo datasets that make up the start and
endpoint of a period. Nevertheless, because o$titueg trend in the last part of the period
that we encountered, we may be at risk of overesing the progress that has been made.
We need additional data that will become availabléhe future to confirm our findings for
the past two years.

Bearing this qualification in mind, we can nevel#iss draw some fairly strong conclusions.
While the trend in poverty rates over the firsttperthe period is not so clear, recently these
rates have undoubtedly been declining. Povertyddmant numbers first rose, and then
declined, as progress in combating poverty startexking headway against population
growth. More rapid job creation is required to mdlrther progress in combating poverty,
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since the social grant system — while having madarge contribution to the recently
observed decline in poverty — is currently neathegylimits of its poverty alleviation capacity.
In addition to the encouraging reduction in thegrty headcount ratio, the numbers of people
living above the poverty line have been rising tlgloout the period. In the higher income
brackets rapid expansion of the black middle cksd affluent has helped to de-racialise
South African consumption patterns. Blacks now enag about half of the growth in the
upper end of the consumer market, even thoughareeytill under-represented in this market.
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APPENDIX 1

Estimating racial shares of remuneration incomerangl trends in employment and wages

To obtain mean wage levels, racial shares of renatinae income must be estimated and then
divided by the number of workers of each race gnebp are employed. Obtaining trends in
wages and employment is difficult due to surveyfedénces in coverage of workers and
capturing of those employed in the informal sectdomestic work and subsistence
agriculture. As a result of these differencesysyrestimates of employment and wages are
often inconsistent.

In this study, three sources of employment dataiilised, namely:

» The Standardised Employment Series, derived frdegmting data from a multitude of
sources, but extending only to the mid-1990s (Roslk#e Lange & Van Eeghen, 1984,
1990). From this time onwards, information relgtito the racial composition of the
workforce was no longer made publicly availablen fact, even by the time that the
standardised employment series ended, estimateac@ composition were probably
already weakening. This series formed the basisnfust of the Van der Berg and Louw
(2004) estimates of employment.

* Employment data from OHS datasets for 1995-199%e @&mployment series derived
from these series seems to show evidence of ovensgBlg employment compared to
other years, although the 1999 OHS may capture@mpnt in the informal sector better
than previous surveys do.

Employment data from the LFS surveys that werertakace annually from 2000 to
2004. This series apparently captures informalleympent better than the employment
series based on predecessor surveys, thus alsnge¢adower estimates of average wages
for blacks than the other series produced.

Employment trends by race were estimated by pietoggther the various datasets as
follows. LFS employment levels were taken to beuaate for 2000-2004, and the rate of
growth in employment for each race group was usedxtrapolate employment levels for
1999. The employment growth rates taken from thS@or 1995-1999 were then used to
estimate employment levels for each of those yamisng the 1999 employment level as a
base. Once the 1995 employment estimate had leeimed in this manner, the employment
growth rates of Van der Berg & Louw (2004) weredige estimate employment levels dating
back to 1990.

The OHS and LFS were also used to calculate walgesthe first part of the period covered,
wage estimates were derived in Van der Berg andvL@004) from a mixture of wage and
employment data obtained from Statistics Southcafseries, broken down by primary and
non-primary sectors, and in some cases also disshipg even further sectors. The wage
series was combined with employment data and wsatldcate remuneration income by race
for the period. Dividing aggregate remuneratiooome as derived from national accounts
for each race group by racial employment figureddg estimates of wage trends, the size of
which cannot be compared with the equivalent figudeawn from survey data (wages in
survey data usually capture only a portion of dctaenuneration). Estimated wage levels
were then used in a similar manner as for employrabave to estimate wage trends. Note
that due to black wages being so much lower inlUR8 than in the OHS, the wage series
probably underestimates black wage levels and fiverealso impacts on the remuneration
income, per capita income and poverty estimatethisrgroup.
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Multiplying wage and employment levels for eachuproyeilds an estimation of the racial
shares of remuneration. This calculation, howevgreatly underestimates overall
remuneration. To estimate the actual racial shafeemuneration, the share of each race
group in estimated remuneration was applied to taional accounts estimate of
remuneration income.

Formally, our methodology for determining the in@of the different groups can be written
as follows:

LetYi =R+ T, +R

where Y is total current income from the nationad@unts and the three income components
are Remuneration Income R, Transfer Income T, andrhe from Property P.

4
If s¢i is the share of each of the four race groupsridtbme component c, theEsci =1,

i1
then R=s*R, Ti=5*T, and R=s,*P
si and g can be directly determined from survey data, derpolated or projected as
explained in the text.
For R, however, we only have available from surdata estimates of two separate serigs W
and E, where W are mean wages and E aggregate employment

4 4
But ) Wi-E is not equal to R, thus a scaling factor a is ireqi so that R=3 W/*E;
i= i=

Alternatively, and equivalently,iRan be determined from*&®, where

si= (W*Ej) / ( iWi*Ei)
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APPENDIX 2

Moving from per capita data to poverty and distiid data

To obtain estimates of the distribution of incomiéhim race groups, we chose a data source
that has been little used in economic researclogg®sed to marketing research), the All
Media and Products Survey (AMPS). This surveyoisduicted once or twice a year and we
managed to obtain the unit data records for thialles we equired from 1993 to 2004. Each
dataset contained approximately 25 000 observatreteting to one individual who provided
data for each household sampled. This datasetde®ws with a unique set of distributional
estimates. However, because of the untested nattings data, we had to first conduct fairly
extensive tests to see whether the distributioat @ stable across surveys.

The stability of the data is reflected in the fiwt the per capita incomes calculated from the
data for the race groups deviated only once inak&s (four race groups times 12 years in
which growth rates could be calculated) by morenth@ per cent from that in the previous

year, indicating that data differences were noteiriby large fluctuations caused by sampling
and fieldwork questions in different years. Gioefficients calculated for each race group
were even more stable.

The income data that we wished to use were notir@iike in actual recorded incomes, but
rather recorded within income brackets. This s dhe case with census data and many of
the responses to Statistics South Africa’s survegaich income brackets have particular
difficulties attached to them. Fortunately, inntsrof the distributional information contained
in the data, the large number of brackets — ar@thirackets in all the datasets — makes it a
relatively detailed source of income data.

Firstly, we were interested in estimates of periteapather than total household income.
However, not all households in an income categosrewof the same size. Applying
household sizes to income band data in order tk hmuseholds by per capita income is
problematic, as many different combinations aresttecorded. For instance, the household
income band stretching from R1 to R99 per monthhen transferred into a number of
categories of per capita household income, i.e:RBQ for household size of 1, R0.5-R49.5
for household size 3, R0.33-R33 for household 8jzetc. Secondly, it is not possible to fit
density curves to the data in the econometric pnogne Stata if household incomes are
assumed to take on the value of the midpoints obrme bands (as is convention when
analysing income data provided in bands). Theore&sr this problem is that humps appear
in the density curves at all midpoints.

To deal with these problems, households (weighteithin the same income band were
assumed to be distributed equally across the rahger capita income covered by the band.
The data within each income band were manipulatedrdingly before density curves were
applied to arrive at the underlying distributiondrrelatively standard format. The method
employed was to fit a Gaussian kernel density foncuusing a half-bandwidth of 0.4
(following work earlier reported on in Van der Beg&gLouw (2004), and evaluating the
density at 1000 points, using Stata. Only oncedib&ibution curve was obtained, could an
estimate of the underlying mean income be calcdlaféhese distributional means were then
proportionally adjusted to bring them in line witke per capita estimates already calculated.
Put differently, the distribution curve was shiftedbe compatible with the per capita racial
distribution data that we had obtained and anchamedthe national accounts. This is
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essentially the same methodology applied by SMasitin (2002) and others to arrive at
world income distributions, using distributions suarised in density curves for individual
countries for different time periods and then atiijigsthe mean of these distributions to be in
line with the national accounts per capita incoragd

To determine the midpoint and upper bound of thenolmcome interval, a Pareto function
was fitted and the value for the midpoint estimavduere this was possible. However,
because the income category ranges that we dehliwere large (considering the 30 income
brackets and household sizes ranging well abovg tkere were many categories relating
particularly to the smaller population groups wh#rere were many empty cells. In such
cases, a Pareto function was applied to the fullsbbold data set, ignoring household size,
and this midpoint used for those groups for whioh above problem occurred. Though this
careful procedure was quite time consuming, it pbiyp had very little impact on the
accuracy of the results arrived at.

Taking a first look at the AMPS datasets, it appdhat the data is relatively stable across
surveys:

» Per capita income estimates by race (before adgu#tie data for compatibility with
our estimates) do not fluctuate greatly from yeayear, and overall growth was only
slightly slower than that found in the national @mcts. Over the eleven years from
1993 to 2004, per capita black incomes rose byp&rdcent per year: a solid, but not
spectacular achievement. For coloureds, the cabfgrate was only 1.5 per cent,
for whites 1.4 per cent and for Indians a mored &8 per cent;

= The trend of rapidly accelerating per capita blaxome over 2002-2004 reflected in
our other data sources is not fully confirmed, thdre is evidence of a strong and
sustained rise in the last five years;

= Gini coefficients for each of the race groups dofhmtuate all that greatly, which is a
pleasant surprise in view of the very large fludtwas often found in these
coefficients from survey to survey (despite the that international evidence shows
that such inequality is slow to change).
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Figure 1: Composition of current income (% of total)
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Figure 2: Estimates of total employment, 1990-2004
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Figure 3: Estimates of black employment, 1990-2004
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Figure 4: Estimates of white employment, 1990-2004
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Figure5: Estimates of black wages, 1990-2004
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Figure 6: Estimates of coloured wages, 1990-2004
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Figure 7: Estimates of I ndian wages, 1990-2004

Source: Van der Berg & Louw (2004) and own calculationsbased on OHS & LFSdata of variousyears
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Figure 8: Estimates of white wages, 1990-2004
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Figure9: Real wage levelsby race
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Figure 10: Racial share of remuneration, 1990-2004
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Figure 11: Wage bill by race (2000 R-billion)
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Figure 12; Estimated black shares of income and its componentsand of population (% of total)
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Constant 2000-Rand per person

Figure 13: Per capitaincome estimates by race
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Figure 14: Relative black per capitaincomes (% of white level)
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Figure 15: Estimated Gini coefficients by race obtained from AMPS data, 1993-2004
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Figure 16: Comparing poverty headcount trend estimates from
own estimates and AMPS, 1993-2004
(poverty line R3000 per capita)
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Figure 17: Estimated trendsin poverty headcount ratio using different poverty lines, 1993-2004
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Figure 18: Cumulative density curves by race, 2004 (log and normal scale)
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Figure 19: Cumulative density curves by race, 2004 (log and normal scale)
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Fig. 20: Kerne density functions of income distribution by race (semi-log scale), 2004
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