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Public assets and services delivery in
South Africa: Is it really a success?

Charles Adams1, Rochelle Gallant1, Ada Jansen2 &
Derek Yu3

Poverty alleviation remains a pressing concern for South African policy-makers. Implementing

effective anti-poverty policies requires a clear understanding of the nature and extent of

poverty. The extant literature on South African poverty dynamics shows a decline in the

headcount ratio over the first decade of the twenty-first century. However, the prior research

largely adopts a narrow money-metric approach, or uses multi-dimensional indices that include

welfare indicators based on private assets (e.g. television sets) or those that are provided

publicly (e.g. access to water). This paper uses multiple correspondence analysis to measure

non-income poverty trends for the period 2005–12. The novelty in this undertaking lies in an

attempt to include a measure of the perceived quality of public assets and services to

complement the standard indices. This provides some measure of ‘success’ of public service

delivery, accounting for both changes in access and quality.

Keywords: poverty; public assets; public services; multiple correspondence analysis; General

Household Survey; South Africa

JEL Classification: I32; O10

1. Introduction

The system of apartheid was named for its emphasis on the differential allocation of

resources and opportunities to citizens by race. The social and economic outcomes

for marginalised groups under this regime have proven to be both stark and

enduring. Two decades after the end of apartheid, race remains a commonly used

predictor of who is likely to be considered poor and who not. The South African

government has committed to addressing poverty and inequality (Department of

Minerals and Energy, 2003; National Treasury, 2003) and, as such, tracking the

success of policies to alleviate poverty has received much attention from local and

international researchers.

Initially, much of the local literature focused on the money-metric approach to measuring

changes in the rates of poverty and inequality over time, while more recently composite

welfare measures have been emphasised. Sometimes studies considered one dimension

or variable of poverty at a time; they found non-income poverty to have declined (see

Bhorat et al., 2004; Yu, 2009; Finn et al., 2013). Others have used multi-dimensional

approaches (see Bhorat et al., 2006, 2007; Bhorat & Van der Westhuizen, 2013); they

used factor analysis to derive an asset index by taking into consideration various
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private and public asset variables. Van der Walt (2004) and Burger et al. (2004) both used

the fuzzy sets approach to derive an index of deprivation also taking household income

into consideration.

The outcome of this literature can be summarised as follows: after the end of apartheid,

household poverty rates have declined continuously since 2000 – in large part due to

well-targeted pro-poor policy interventions.4 In contrast, inequality worsened in the

1990s, before exhibiting a slight downward trend since 2000. The aforementioned

positive findings since 2000 are over-shadowed by the rise in what is now popularly

termed ‘service delivery protests’.5 These protests question whether government has

in fact been successful in meeting the expectations of the poorest citizens who feel

aggrieved enough to protest, often violently.

This study is a first attempt at understanding the potential sources of the recently

expressed dissatisfaction with public service delivery, by evaluating welfare changes

emanating from public goods and services delivery between 2005 and 2012. The

study expands on the existing literature relating to the government’s impact on multi-

dimensional poverty by deriving an index that captures changes in the quality of

public assets and services, enabled by the inclusion of questions relating to quality in

the General Household Survey (GHS). Households that have gained access to poor-

quality public assets and services would have experienced little or no improvement in

welfare resulting from the provision of these services. Determining whether the

reported improvement in non-income welfare has, to some degree, been scuppered by

a deterioration in the quality of assets and services provided is thus of value for future

policy direction.

2. Data and methodology

2.1 Data

The GHS, a nationwide survey conducted annually by Statistics South Africa since 2002,

is used to construct two multi-dimensional welfare indices because it contains

information on public asset and service delivery, as well as questions relating to the

quality of these assets and services. It gathers information ranging from education,

health and labour market activities to ownership of private assets as well as access to

public assets and services. It is ‘specifically designed to measure multiple facets of the

living conditions of South African households, as well as the quality of service

delivery in a number of key service sectors’ (Statistics South Africa, 2012:1). This

latter feature makes the survey data particularly suited to the analysis conducted in

this paper.

Ideally the analysis would span the period from 2002 (the first GHS) to 2012 (the most

recently released data, at the time of writing). However, the absence of questions relating

to public service quality prior to 2005 precludes this option, limiting our analysis to

compare changes between 2005 and 2012. The 2008 survey is also included to

consider potential interesting dynamics over the seven-year period. The data allow for

4Even though different poverty lines were used in past studies, they indicated a decline in poverty
rates. For example, Bhorat & Van der Westhuizen (2012) found that poverty rates declined when
comparing the Income and Expenditure Surveys of 1995 and 2005. They used the R174 and R322
per capita per month (2000 prices) poverty lines.
5Both Atkinson (2007:58) and Alexander (2010:32) allude to the fact that poor-quality service
delivery is one of the factors associated with an increase in service delivery protests since 2004.
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comparisons by race and province.6 The second index (to be discussed in detail in the

following) contains a mix of objective and subjective variables, and results from this

index must be interpreted accordingly. For instance, if the results from the quality

index show a decline, this implies that respondents report a decline in the quality of

services received rather than the quality of services has declined.

2.2 Methodology: multiple correspondence analysis7

Two indices are constructed; the first is aimed at measuring the change in access to public

services, while the second index measures any changes in the quality of these services.

Principal components analysis has commonly been used in the literature to derive the

indices. This approach, however, is not well suited for the analysis of categorical data

because it requires the assumption of normally distributed variables (Booysen et al.,

2008:5) and it imposes linear constraints on the categories (Blasius & Greenacre,

2006:30). Principal components analysis furthermore employs the Euclidean metric to

measure distances between variables, again suggesting poor compatibility with

categorical variables – that is, variables that are ordinal. Multiple correspondence

analysis (MCA) is thus a more suitable method for the construction of our indices

because all variables included are categorical. MCA ‘imposes no constraints on the

data’ (Blasius & Greenacre, 2006:30) and computes chi-squared distances between

variables, making measurement of ordinal level data meaningful. MCA can be

described as an extension of ‘simple’ correspondence analysis (CA) to datasets

containing more than two discrete variables (Abdi & Valentin, 2007:1).8 In other

words, MCA is merely the application of CA to an indicator matrix or Burt matrix

with more than two categories (Greenacre, 1984:126). Following Abdi & Valentin

(2007:3–5), if we take a given dataset containing I observations on K categorical

variables, each variable having JK levels (with
∑

KJK = J), then the indicator matrix

(which can be considered as a table listing the respondents by categories) can be

denoted by X (with I rows and J columns). The Burt matrix is then given by B ¼ XTX.

CA is a geometric-based technique for data analysis that involves viewing the columns of

an indicator matrix as multiple points in some high-dimensional space. The outcome of

applying CA on such a dataset is then to reduce the dimensionality (usually to two or

three) of the space occupied by these points, and in doing so preserving the

dimensions that account for most of the variation between different columns (or

points). Similarities and differences between responders could then be determined by

evaluating the relative proximity of their respective locations in the low-dimensional

space based on relevant categories that differentiate them. The total distance between

points in the low-dimensional space (the total inertia) is determined by finding the

sum of squared deviations from a centroid of the matrix of standardised residuals.

Thus, MCA has similarities to other multivariate techniques that rely on minimising

the sum of squared deviations of observations from the mean or ‘fitted’ values.

6The variable connoting the municipal district of observations was discontinued in 2007, which
restricts geographic and administrative comparisons to the provincial level. The urban/rural
designation variable was also omitted in surveys between 2004 and 2012, again constricting the
analysis from areas germane to the South African poverty landscape.
7This section is merely descriptive of the method. See Greenacre (1984), as well as Blasius &
Greenacre (2006) – from whom this section borrows extensively – for a more formal and
comprehensive exposition.
8CA is applied in the analysis of two-variable datasets.
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The total inertia can be decomposed into contributions by the different column vectors

(or categories) of the indicator matrix. The outcome of MCA is thus a decomposition

of weighted sum of squared deviations from a centralised and normalised average or

expected value for a given category where the weights are determined by the chi-

squared distance between categories in the N-dimensional space.

Asselin & Tuan Anh (2008:5) suggest that as a ‘by product’ the application of MCA to

categorical household data containing welfare variables produces a ‘composite indicator

of multi-dimensional poverty’. Moreover, the derived composite indicator possesses

several desirable features of a poverty indicator, including the monotonicity axiom as

well as the feature that categories with fewer observations receive a higher weighting

in the indicator score (Ezzrari & Verme, 2012:5). The composite indicator referred to

comes about by using the coordinate vector for the first dimension (the dimension

explaining most of the variation in the data) to assign weights to the various

categories of each variable.

In our analysis, the MCA algorithm is applied to two distinct sets of variables (presented

in Table 1), yielding two indices. Each variable corresponds to a given survey question.

For instance, ‘dwelling type’ constitutes a variable while the different responses of

dwelling type each constitute a category, which in this case are ‘formal’, ‘single room

or flatlet’ and ‘informal’. The construction of these indices incorporates all categories

of each variable. The index obtained from using the MCA algorithm ranks

observations in relation to a barycentre derived from the data reduction process. It is

therefore not required that a reference category be omitted when using MCA. Index 1

comprises eight variables and measures the types of assets and services to which

households have access. Index 2, derived using five variables, attempts to measure the

quality of public service delivery. These two indices allow for a nuanced evaluation

on whether the vaunted ‘success’ in poverty reduction through public services is

matched by a similar decline in poverty, as measured by the perceived quality of

public assets and services received.

The variable selection criteria must be clarified: the narrow focus on public assets and

services delivery necessarily implies a smaller number of variables than is commonly

observed in other studies using multi-dimensional welfare indicators. Also, the

variables selected for the derivation of Index 2 (the ‘quality’ index) do not correspond

directly with a variable in Index 1 (the ‘type’ index). The choice of variables used in the

construction of the indices is constrained by the questions in the surveys. An obvious

example is the absence of a question relating to the quality of electricity up to 2009.

Table 1: Variables used to derive each index

Index 1 Index 2

1. Dwelling type Condition of roof

2. Roof material of dwelling Condition of wall

3. Wall material of dwelling Quality of water service received from municipality

4. Water source Sharing of sanitation facility

5. Sanitation Frequency of refuse removal

6. Fuel for cooking

7. Fuel for lighting

8. Refuse removal

700 C Adams et al.



3. Descriptive overview

This section documents changes in the ‘type’ and ‘quality’ of public assets and services

received.9 As a precursor to the detailed analysis of the three surveys, Figure A1 in

Supplemental data illustrates the trends in access to selected public assets and services

in all available GHSs from 2002 to 2013. Overall, there is an improvement in access

over the period.

Turning our attention to the three surveys containing common questions on the

quality of assets and services, we now investigate whether greater access to service

delivery is matched by an improvement in the level of the perceived quality of

these assets and services, and whether this trend is more pronounced for those

most at risk of experiencing poverty; that is, black South Africans residing in poor

provinces.

Table A1 in the Supplementary data presents the racial composition of the population in

each survey, while Table 2 and Table A2 in Supplemental data present the proportion of

the population with access to assets and services by race and province respectively, and

show a general improvement in all eight variables comprising Index 1. For each variable,

there are multiple categories ranging from the best10 to the worst type of asset or service.

Indicators that saw noteworthy improvements for the overall population include access to

formal dwelling (8 percentage point increase), use of electricity for cooking and lighting

(14 and 8 percentage point increases, respectively) and access to tap water on premises (7

percentage point increase). The increase in access was more pronounced for blacks, as

other racial groups already had relatively higher levels of access in 2005.

The pattern of access to the best category of public assets and services by blacks is

considerably less reassuring. In 2005 only 23% of blacks had access to piped water on

the premises. Despite a modest increase in the share, the proportion remained low in

2012 at 31.5%. This sobering number emphasises the challenge of ensuring basic

services to the poor. Serious shortfalls were also evident among blacks when

considering access to flush toilets and refuse removal.

Table 2 places into perspective the magnitude of the gains in public assets and service

delivery, but highlights the disparity between the different race groups. While there

has been unambiguous progress in service delivery in general, these advancements

seem modest given the scale of those without access to services. The rate of progress

also seems to have slowed more recently: rapid improvements occurred during the

first three years of the study period.

While access to assets and services say much about the relative state of individual

deprivation, the often ignored quality thereof is the focus of the subsequent

discussion. Table 3 and Table A3 in Supplemental data show the proportion of the

population receiving the ‘best’11 perceived quality of public assets and services in

each survey. As in Table 2 the data reflect, for the most part, a general improvement

over time. There are, however, some noteworthy differences between trends observed

in access to and quality of public assets and services.

9Person weights are used in the data analysis.
10‘Best’ refers to the top level of each category. For example, in the case of dwelling, ‘formal’
would be a better type of asset than ‘informal’.
11In this case, the best category refers to ‘very good’ and/or ‘good’ quality.
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The increased dissatisfaction with the perceived quality of municipality water services is

especially notable: there was an 8 percentage point decrease in the proportion of

respondents selecting the ‘good’ category rating. The categories that do reflect an

improvement had only modest increases in comparison with the magnitudes apparent

in Table 2. Furthermore, a clear pattern gleaned from Table 3 is the divergence

between blacks and other race groups in their responses to quality questions. In three

of the five categories there is a slight increase in the proportion of non-blacks

expressing dissatisfaction with the quality of public assets and services. Blacks, in

contrast, showed increased dissatisfaction for only one category (i.e. quality of

municipality water service).

If the data in Table 2 tell a story of positive changes in welfare, Table 3 serves to

attenuate optimism about the progress made through public provision of goods

and services. With the exception of an ‘exclusive-use’ sanitation facility, all

‘quality’ variables reflect small increases over the seven-year period. Taken

together, Tables 2 and 3 may indicate that the extent of ‘silent success’ in

eradicating poverty and improving the welfare of disadvantaged South Africans

Table 2: Access to public assets and services by race

2005 (%) 2008 (%) 2012 (%) 2005 (%) 2008 (%) 2012 (%)

Formal dwelling Flush or chemical toilet

Black 59.35 66.93∗ 69.00+ Black 40.90 44.38∗ 48.04+

Coloured 86.06 89.31∗ 88.20+ Coloured 92.63 93.59∗ 91.66+

Indian 92.66 97.61∗ 95.98+ Indian 97.07 98.80 97.69+

White 97.03 98.13∗ 97.71 White 99.44 99.34 98.71

All 66.08 72.64∗ 73.97+ All 52.37 55.32∗ 57.73+

Bricks or tile as roof material Electricity for cooking

Black 11.62 13.81∗ 16.02+ Black 46.66 56.99∗ 66.21+

Coloured 20.56 26.52∗ 22.46+ Coloured 90.51 90.95∗ 89.15+

Indian 66.78 63.17∗ 71.64+ Indian 95.78 95.99 92.25+

White 67.92 69.31∗ 69.62+ White 98.33 93.97∗ 87.56+

All 19.10 21.40∗ 22.81+ All 56.61 64.49∗ 70.83+

Bricks or cement as wall material Electricity for lighting

Black 63.75 68.36∗ 72.61+ Black 74.92 79.41∗ 84.78+

Coloured 86.83 89.94∗ 89.11+ Coloured 95.45 96.38∗ 96.21

Indian 95.53 99.67∗ 94.24+ Indian 96.27 99.18∗ 97.33+

White 98.12 99.17 98.83 White 99.50 99.40 99.05

All 69.81 73.98∗ 76.98+ All 79.57 83.31∗ 87.40+

Tap water Refusal remove service is provided

Black 23.17 29.14∗ 31.53+ Black 44.93 47.50∗ 49.21+

Coloured 75.49 81.04∗ 82.98+ Coloured 93.17 92.18∗ 94.03+

Indian 93.88 97.14∗ 96.88 Indian 97.93 98.43 97.64

White 95.26 95.31∗ 95.78 White 93.32 93.39∗ 95.02+

All 36.34 41.72∗ 43.53+ All 55.05 57.10∗ 58.54+

Source: Authors’ own calculations using GHS 2005 and GHS 2012 data.
∗The change between 2005 and 2008 is statistically significant at a ¼ 5%.
+The change between 2008 and 2012 is statistically significant at a ¼ 5%.
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could be more modest than has been claimed in past studies which did not consider

quality variables. To further explore this contention, the MCA results are presented in

the next section.

4. Derivation of the two non-income welfare indices

MCA was performed on the three datasets to create the two indices. The resulting

‘scoring coefficients’ or ‘asset weights’ for Index 1 are presented in Table 4. Positive

data imply that access to assets is associated with higher welfare.

The largest positive weights were derived for bricks or tile as roof material, having a tap

in the dwelling as the water source, a toilet facility for sanitation and having refuse

removal. Other positive weights included residing in a formal dwelling, good wall

material and having electricity as the fuel source for cooking and lighting. As the

categories of certain variables worsen, the scoring coefficients became smaller or even

negative: for example, the single room category has a smaller coefficient than

informal dwelling.

The scoring coefficients for Index 2 are presented in Table 5. In this case, positive data

demonstrate that access to better quality assets and services is associated with higher

welfare. As expected, the best category of each variable would have the largest

positive weight, such as the roof or wall being in a ‘very good’ condition, ‘refuse is

removed at least once a week’, as well as having ‘good water service’ from the

municipality.

Table 3: Access to the best quality category of public assets and services by race

2005 (%) 2008 (%) 2012 (%) 2005 (%) 2008 (%) 2012 (%)

Good roof condition of dwelling Sanitation is not shared with others

Black 49.95 50.60 50.70 69.31 71.65∗ 77.72+

Coloured 59.62 58.57 58.08 79.61 80.64 84.08+

Indian 86.79 83.53 78.34 90.01 93.14∗ 95.77+

White 90.71 89.01 90.88 93.23 88.37∗ 97.13+

All 55.57 55.74 55.67 72.97 74.57∗ 80.49+

Good wall condition of dwelling Refuse is removed once a week

Black 52.12 54.55∗ 55.03 43.67 44.82∗ 47.38+

Coloured 59.84 60.67 60.38 90.45 89.79∗ 91.92+

Indian 86.21 82.73 80.44 97.47 96.96 96.20

White 90.92 89.69 91.91 92.32 92.24 94.05+

All 57.31 59.10∗ 59.46 53.71 54.62∗ 56.76+

Good municipality water service

Black 48.49 35.68∗ 41.38+

Coloured 81.33 60.44∗ 72.32+

Indian 83.96 72.65∗ 69.59+

White 82.53 69.23∗ 68.41

All 55.47 41.98∗ 47.28+

Source: Authors’ own calculations using GHS 2005, 2008 and 2012 data.
∗The change between 2005 and 2008 is statistically significant at a ¼ 5%.
+The change between 2008 and 2012 is statistically significant at a ¼ 5%.
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5. Changes in non-income welfare

The analysis in this section focuses on poverty estimates. This decision is based on

evidence from Wittenberg (2013), who emphasises that both the levels and trends of

inequality indicators will not be robust in the event of a linear shift of the index to

make it non-negative (which is applied in MCA).

Table 6 presents the mean values for each index by race and province. Overall, mean

values for Index 1 and Index 2 show increases over time, implying that general

welfare between 2005 and 2012 has increased on average, although Index 2

experienced a relatively smaller improvement relative to Index 1. Comparing the

mean values in each year by race shows that the changes are largely driven by welfare

improvements amongst blacks, for whom the mean of Index 1 increased from 2.17 to

2.44.

Table 4: Scoring coefficients of each dummy variable for

deriving Index 1

Dwelling: formal 0.5490

Dwelling: single room 21.8400

Dwelling: informal 20.6800

Roof material: bricks/tile 1.1820

Roof material: asbestos 1.1310

Roof material: corrugated iron 20.4090

Roof material: thatch 22.7330

Roof material: inferior material 21.0570

Wall material: good material 0.5370

Wall material: medium material 22.2240

Wall material: poor material 20.7190

Water source: tap in dwelling 1.1610

Water source: tap in premises 0.0270

Water source: public tap 21.2170

Water source: other 21.7820

Sanitation: toilet facility 0.9600

Sanitation: pit latrine with ventilation pipe 21.0150

Sanitation: pit latrine without ventilation 21.0530

Sanitation: bucket latrine 20.4750

Sanitation: other/none 21.9960

Fuel source for cooking: electricity 0.7090

Fuel source for cooking: gas 0.2750

Fuel source for cooking: paraffin/goal 20.9100

Fuel source for cooking: other 21.6680

Fuel source for lighting: electricity 0.3670

Fuel source for lighting: paraffin 21.7340

Fuel source for lighting: candles 21.9120

Fuel source for lighting: other 21.5760

Refuse removal: yes 0.9050

Refuse removal: no 21.1980

Source: Authors’ own calculations using GHS 2005, 2008 and 2012 data.
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Table 5: Scoring coefficients of each dummy variable for deriving Index 2

Roof condition: very good 2.316

Roof condition: good 0.149

Roof condition: need minor repairs 20.513

Roof condition: weak 21.441

Roof condition: very weak 21.663

Wall condition: very good 2.294

Wall condition: good 0.112

Wall condition: need minor repairs 20.554

Wall condition: weak 21.471

Wall condition: very weak 21.697

Quality of municipality water service: good 0.801

Quality of municipality water service: average 20.144

Quality of municipality water service: poor 20.395

Quality of municipality water service: N/A (not receiving water from municipality) 21.357

Sanitation facility is not shared with other households 0.255

Sanitation facility is shared with other households 20.295

No sanitation facility available for the households 22.177

Refuse is removed at least once per week 0.828

Refuse is removed less than once per week 0.070

Refuse is not removed 21.062

Source: Authors’ own calculations using GHS 2005, 2008 and 2012 data.

Table 6: Mean of Index 1 and Index 2 by race and province

Mean of Index 1 Mean of Index 2

GHS 2005 GHS 2008 GHS 2012 GHS 2005 GHS 2008 GHS 2012

Black 2.1665 2.3070∗ 2.4369+ 2.111 2.079∗ 2.212+

Coloured 3.2736 3.3107∗ 3.2979+ 2.773 2.660∗ 2.771+

Indian 3.4469 3.5087∗ 3.4770+ 3.399 3.166∗ 3.253+

White 3.4463 3.4510∗ 3.4430+ 3.453 3.337∗ 3.488+

Western Cape 3.2307 3.2843∗ 3.2893+ 2.729 2.588∗ 2.843+

Eastern Cape 1.7379 1.9169∗ 1.9917+ 1.920 1.949 2.078+

Northern Cape 2.9060 2.7653∗ 2.8939+ 2.613 2.373∗ 2.391

Free State 2.7543 2.8832∗ 2.9374+ 2.481 2.515∗ 2.481

KwaZulu-Natal 2.1029 2.1240∗ 2.3178+ 2.112 1.988∗ 2.064

North West 2.4534 2.4785∗ 2.5497+ 2.285 2.097∗ 2.097

Gauteng 3.0190 3.1267∗ 3.1195+ 2.811 2.855 2.956+

Mpumalanga 2.3243 2.4107∗ 2.4123 2.222 2.044∗ 2.192+

Limpopo 1.9361 2.0469∗ 2.1635+ 2.064 1.898∗ 2.012+

All 2.4165 2.5346∗ 2.6301+ 2.327 2.277∗ 2.403+

Source: Authors’ own calculations using GHS 2005, 2008 and 2012 data.
∗The change between 2005 and 2008 is statistically significant at a ¼ 5%.
+The change between 2008 and 2012 is statistically significant at a ¼ 5%.
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For all other race groups, welfare has largely stagnated. In fact, Index 1 welfare among

non-blacks has a less clear pattern because there is initially an increase between 2005 and

2008 which is followed by a negligible decrease between 2008 and 2012 for all minority

race groups. Despite these developments, the mean index values for blacks lie below the

mean values of the general population, indicating that a majority of blacks have a level of

welfare below the average South African.

The provincial decomposition in Table 6 shows a mixed pattern. The Western Cape,

North West, Gauteng and Mpumalanga all observed a modest incline (between 0 and

0.1 points) in Index 1 welfare. The Eastern Cape, KwaZulu-Natal, Free State and

Limpopo all saw more significant increases (larger than 0.18 points) in mean Index 1

welfare. Only one province, the Northern Cape, had a slight decline in Index 1

between 2005 and 2012.

Index 2 welfare has had a less inspiring trend. The results for race are mixed: blacks and

whites had an increase, although the former group experienced a larger gain in welfare.

None of the nine provinces experienced a continuous and statistically significant increase

in the mean value. Furthermore, the Western Cape and Gauteng had highest mean value

in all three surveys, whereas Limpopo had the lowest mean value.

To facilitate the analysis of poverty dynamics over the study period, poverty lines were

derived at the 20th and 40th percentile of each index’s distribution in 2005. These

poverty lines, while arbitrary, allow for a perspective on any differences in the

welfare indicator. Adopting the Foster–Greer–Thorbecke poverty headcount measure,

a decline in poverty for the overall population is observed for both indices, as

presented in Table 7. This result is consistent with all of the recent findings in the

literature on South African poverty trends.

Figure 1 shows the cumulative density function (CDF) of the population for Index 1 of

each survey year (the vertical lines indicate the 20th and 40th percentile poverty lines).

The rightward shift of the CDF over time suggests that Index 1 welfare has improved for

the population in general during this period. Table 7 also disaggregates the headcount

ratios by race and province. The table shows a decline in poverty amongst most of the

race groups: for example, at the 20th percentile poverty line, blacks experienced a

30% decline between 2005 and 2012, while for whites it decreased from 0.043% to

0.11%. At both poverty lines and in all three surveys, the non-black poverty

headcount ratios were much lower. Furthermore, Table A4 in Supplemental data

presents the racial composition of the poor, and it is very clear that blacks accounted

for more than 90% of the poor in all three surveys.

Most of the provinces experienced a decline in the poverty headcount ratios using both

poverty lines. Despite these findings, Western Cape and Gauteng had the lowest poverty

ratios, whereas the Eastern Cape, KwaZulu-Natal and Limpopo had the highest ratios.

Table A5 in Supplemental data shows the provincial composition of the poor: the

Eastern Cape and KwaZulu-Natal had the highest share of the poor.

Some clear differences are evident when comparing changes in poverty across the two

indices. Figure 2 plots the CDF for Index 2: the 2005 and 2008 CDFs are clearly

more compressed compared with those in Figure 1. This indicates that the perceived

quality of public assets and service delivery has changed very little for the population

as a whole between 2005 and 2008, despite the fact that there was a distinct decline in

poverty between 2008 and 2012.
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Results from Index 2 (see Table 7) reflect that when comparing 2005 and 2008, in general

poverty ratios increased slightly across all races. In the subsequent period, there was a

significant decline in poverty for blacks, but the decrease was negligible for other

races. Table A4 in Supplemental data shows that, in all surveys, blacks accounted for

more than 90% of the poor.

Poverty headcount ratios by province using Index 2 indicate that Eastern Cape exhibited

the greatest decline between 2005 and 2012 (nearly 12 and 8 percentage points

respectively at the 20th and 40th poverty lines). However, three provinces (Northern

Cape, Gauteng and Mpumalanga) saw an increase in their respective poverty

headcount ratios during the same period. A peculiar result is observed for Gauteng:

the poverty headcount ratios increased in the case of Index 2, whereas Index 1 shows

Table 7: Poverty headcount ratios by race and province

20th percentile poverty line 40th percentile poverty line

GHS 2005 GHS 2008 GHS 2012 GHS 2005 GHS 2008 GHS 2012

Index 1

Black 0.2491 0.2121 0.1743 0.4929 0.4279 0.3853

Coloured 0.0137 0.0127 0.0216 0.0457 0.0421 0.0395

Indian 0.0054 0.0000 0.0027 0.0101 0.0039 0.0041

White 0.0043 0.0012 0.0011 0.0054 0.0023 0.0025

Western Cape 0.0276 0.0114 0.0187 0.0547 0.0595 0.0604

Eastern Cape 0.5012 0.4414 0.4390 0.6210 0.5757 0.5737

Northern Cape 0.0371 0.0881 0.0504 0.1401 0.2117 0.1563

Free State 0.0657 0.0349 0.0414 0.1832 0.1102 0.1075

KwaZulu-Natal 0.3404 0.3369 0.2440 0.5173 0.5037 0.4322

North West 0.0828 0.1004 0.0870 0.3594 0.3253 0.3026

Gauteng 0.0557 0.0310 0.0367 0.1473 0.0912 0.1046

Mpumalanga 0.1317 0.1058 0.1225 0.4140 0.3919 0.3547

Limpopo 0.1656 0.1178 0.0738 0.7509 0.6590 0.6117

All 0.2000 0.1690 0.1408 0.4000 0.3427 0.3105

Index 2

Black 0.2456 0.2479 0.1895 0.4739 0.4918 0.4228

Coloured 0.0391 0.0443 0.0440 0.1741 0.2028 0.1699

Indian 0.0127 0.0029 0.0091 0.0651 0.0502 0.0654

White 0.0138 0.0090 0.0084 0.0509 0.0600 0.0352

Western Cape 0.0572 0.0560 0.0496 0.2268 0.2323 0.1892

Eastern Cape 0.3647 0.3083 0.2277 0.5760 0.5568 0.4989

Northern Cape 0.0640 0.1161 0.1056 0.2251 0.3067 0.2892

Free State 0.0879 0.0610 0.0722 0.2816 0.2593 0.2469

KwaZulu-Natal 0.3138 0.3268 0.2638 0.5204 0.5643 0.5032

North West 0.1796 0.2451 0.2274 0.4176 0.4791 0.4525

Gauteng 0.0621 0.0606 0.0352 0.1732 0.1702 0.1314

Mpumalanga 0.1917 0.2542 0.1942 0.4481 0.5174 0.4507

Limpopo 0.2366 0.2801 0.2320 0.5116 0.6115 0.5391

All 0.2000 0.2010 0.1557 0.4000 0.4143 0.3564

Source: Authors’ own calculations using GHS 2005, 2008 and 2012 data.
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declining poverty ratios for this province. The former finding indicates that the perceived

quality of public assets and services is deteriorating. Finally, Table A5 in Supplemental

data shows that once again the Eastern Cape and KwaZulu-Natal accounted for the

greater proportions of the poor.

Figure 2: Cumulative density functions by race for Index 2, 2005–12.

Source: Authors’ own calculations using GHS 2005, 2008 and 2012 data

Figure 1: Cumulative density functions for Index 1, 2005–12
Source: Authors’ own calculations using GHS 2005, 2008 and 2012 data.
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6. Conclusion

Determination of the extent to which the provision and perceived quality of public asset

and service delivery has improved the welfare of South Africans is of significant value to

policy-makers. This article used three GHS surveys to construct two indices: one

measured the access to types of public assets and services, while the other index

measured their perceived quality. The results affirm what has been asserted elsewhere:

overall, poverty as measured by our two indices decreased between 2005 and 2012,

although mixed results are evident across race and province. The welfare

improvement is primarily experienced by blacks, but they still account for the highest

share of the poor. In addition, although the Eastern Cape had experienced continuous

improvements in both access and perceived quality, it remains one of the provinces

with the highest level of poverty as well as the share of the poor.

These results are not trivial. Improvements in access coupled with poor-quality service

delivery would imply ineffective policy implementation and a diminutive-to-zero

welfare gain to households. While this study does not support the notion that this has

been the case in aggregate, it does soften the common narrative that ‘remarkable

strides’ have been made. The demonstrated public dissatisfaction coupled with rising

measured welfare highlights the difficulty in quantifying relative deprivation.

Confidence in the proxies designed to measure these intangible characteristics must

therefore be tempered and caution exercised when interpreting the results derived

from their use. Furthermore, our indices are silent on the expectations of people, an

important variable in determining their perceived deprivation. Further investigations

into the observed dissatisfaction of South Africans may benefit from ethnographic or

mixed-method approaches.
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